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1. INTRODUCTION

Melanoma can occur anywhere on the body, including the throat, nose, and eyes. At this point, there
is no conclusive evidence that melanomas have begun to develop.Melanoma risk appears to be increasing in
people under the age of 40, especially among women and those aged 15 to 29. A good dermatologist is
discovered to employ a variety of techniques, beginning a biopsy is performed last, followed by
thermoscopic (infinitesimally expanding lesions), an unaided eye examination of any worrisome sores, and
so forth. The patient might then move on to the next stage, but this would require considerable expenditure.
Furthermore, proper diagnosis is an emotional process that is reliant on the clinician's talents. When
diagnosing skin cancer, renowned dermatologists were found to have an accuracy rate of less than 80%. Even
worse, qualified dermatologists in general medical care are in short supply all around the world. Significant
research preparations have been accomplished by developing PC image investigation calculations to rapidly
evaluate skin illness in its early phases and alleviate some of concerns we've already mentioned. Most of
these computational systems required information to be obtained often since they were parametric[1,2,3,4,5].
Because information is a concept that cannot be controlled, these strategies would not be sufficient to
accurately identify the state. arrangements without parametric data,on the other hand, do not rely on

Journal homepage: https://www.ijdiic.com 11


https://www.ijdiic.com/
https://creativecommons.org/licenses/by-sa/4.0/
mailto:mounikajustudent@gmail.com

Prisma Publications

information being transmitted in a standard manner. The method's core concept is to train a computer to
recognise a problem by looking at images of skin conditions. The exhibition is unique in that the computer
model may be built without any programming experience[6,7,8]. The average precision of conclusion for this
model is 98.89 percent, with 100% being fantastic. The machine-assisted conclusion presented here solves
the problem of dermatologists being late, off base, and in short supply[9,10].

Every person gets melanoma, and it kills them all frequently. The most prevalent warning sign of a
skin condition is a patch of skin that changes in size, shape, and colour. As a result, deep exchange learning
and Al are used to identify robotized skin sores with the utmost accuracy, viability, and execution measures.In
the proposed work, pre-handling is used to improve the appearance and clarity of skin injuries by removing
existing irregularities such skin tone, hair, and so on. To discriminate between harmless and harmful damage,
the suggested calculation uses VVgg16, an exchange learning model, to extract highlights, In this assignment,
Xgboost and LightGBM received 91.58 percent and 89.4 percent, respectively. The skin, the human body's
biggest organ, shields us from heat, light, illness, and danger. The most fatal sort of illness is skin malignant
growth, which can spread throughout our bodies if not detected and treated early[11,12]. Melanoma skin
cancer is becoming increasingly frequent. Melanoma skin sickness should be diagnosed early and treated
early if the patient is to have a good chance of recovery[13,14,39,40].

On the skin, they manifest as moles or stains.A "hazardous" scenario is one that is detrimental,
whereas a "harmless” situation is one that is not harmful[15,16]. The skin produces more and more shadow
when it is exposed to the sun, disguising the skin's shade and ultimately to the skin disease melanoma.
Melanoma is caused by a weakened immune system, high sensitivity to intense light, sunburns, a pallid skin
tone, and pre-existing hereditary factors[17,18]. If melanoma is not found in its earliest stages, it can grow
and spread down the epidermis, the top layer of skin, to the lymph veins, and ultimately to the blood[19,20].
Both moles with these characteristics and those with unanticipated boundaries, structures, shade fluctuations,
and breadths larger than 6mm are signs of skin disease[21,22].Malignant growth locations can now be
examined painlessly to determine whether they are benign growths or melanoma[23,24]. This study made use
of image acquisition, preprocessing, division, commotion evacuation, and component extraction[25,26, 27,
28, 29, 30].

2. METHOD
Skin lesions can be found through a number of steps. The process includes collecting the data, pre-
processing it, enhancing it with new data, extracting its features, and classifying it shown in Figure 1.

DATA : = DATA FEATURE "
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Figure. 1 Methodology
2.1 Data Collection
The International Skin Imaging Collaboration (ISIC), which includes 1000 benign and 584
significant melanoma skin damage photos, provided the data for the first stage shown in figure 2. The files
are created in the JPEG format. The skin sore images were divided in 80:20 ratios for planning and
evaluation [31, 32, 33, 34, 35, 36, 37, 38].

@ (b)

Figure 2. (a) Benign image (b)Malignant Melanoma image
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2.2 Pre-Processing

By deleting non-lesion data, pre-processing of lesion images allows for more precise image
discrimination. unattractive traits include unpleasant skin and hair colours in [41,42]. Prior to feeding data via
any machine learning or deep learning model, we must first resize all photos to the same size because all
image data must be the same size. In this project, images are scaled down to 224*224 (width*height). (ii) In
order to perform morphological filtering, RGB images are converted to grayscale, emphasising the area of
the skin lesion shown in figure 3. Use Blackhat filtering on the grayscale image to disclose the hair contours,
then strengthen the hair contours in advance of the inpainting operation. Finally, use the mask to paint over
the original image. By repeatedly iterating through the entire dataset and emphasising skin flaws, our
algorithm removes hair.

(©) (d) ()

Figure 3. Pre-handled results (a) unique skin injury picture (b) RGB to GRAY picture (c) blackhat separated
picture (d) hair recognised hair removed hair

2.3 Data Augmentation

The third phase includes data augmentation, a technique for correcting data imbalance and reducing
model underfitting. We improve the malignant melanoma skin lesion photographs in the dataset by randomly
rotating, flipping, and blurring them due to the fact that 416 of the malignant melanoma photos are less than
benign images. There are still 284 malignant melanoma photographs required to match the images of benign
skin lesions, even with the addition of 200 additional malignant melanoma images. A Generative Adversarial
Network will be used for the remaining images (GAN).

2.3.1 Generative Adversal Network(Gan)

Deep neural network design called GAN combines two competing neural networks. The discriminator
and generator terms relate to the two neural networks, respectively. GANSs are trained to generate data in a
distribution-like, adversarial manner.

2.3.2 Gan Loss Function

Exstands for the expected random inputs to the generator, and Ez stands for the actual data instances
from the total expected values shon in egn(1).

maxG minG Ex(x) [log(D(x))] =V (G, D) Ez(z) = [log (1 - D (G (2))] (2) 1)

The Discriminator "D," a brain organization of any plan, can differentiate between counterfeit
information created by the Generator with a mark of 0 and genuine photographs with a name of 1. This
misfortune capability remembers the expense capability for expansion to the generator and discriminator
misfortune capabilities. Just during discriminator preparing are discriminators punished for misclassifying a
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genuine picture as misleading or a bogus picture as obvious. Backpropagation permits discriminators to
change loads in light of the misfortune discriminator, forestalling the characterization of mistaken
information shown in figure 4.

DISCRIMINATOR
REAL | SAMPLE LOSS
IMAGES "1 LABEL=1 [

| DISCRIMINATOR

RANDOM SAMPLE
INPUT || GENERATOR |—|  "pe 29 | GENEORSI;TOR
L

Figure 4. Generative Adversal Network Architecture (GAN)

2.3.3 Discriminator Loss Function
maxD Ez(z) = [log (1 - D(G(2))]1(2) 2
2.3.4 Generator

A neural network called the Generator "G" produces fictional data "G" from noise "z." (z). By

leveraging discriminator input, it seeks to deceive the discriminator into classifying its output as genuine
shown inegn 2 & 3.

2.3.5 Loss of Generator Function
log(D(x)) minG Ex(x) 3)

200 harmful melanoma pictures were made involving GAN for this work, where threatening melanoma
pictures are equivalent to harmless ones in the dataset shown in figure 5 & 6.

(b)
Figure 5. shows data augmented results

(a) rotated image (b) flipped image (c) blurred image,and (d) translated images

(@) (b)

Figure 6. shows malignant melanoma images generated byGAN both (a) and (b).
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2.4 Feature Extraction

Extraction of attributes from pictures of skin sores is the fourth stage. Highlight extraction is utilized
to remove data from the boundary, variety, and skin surface of skin sore pictures to get solid data on the
subtleties of skin injuries. Classifiers can utilize these recuperated qualities to fabricate expectations that are

more precise. The vggl6, a profound exchange learning model that has proactively been prepared and can
work on model execution, was utilized in this work to extricate highlights [43-49].

2.41VGG16
e VGG16, a model that achieved, One of the top five test accuracy scores in the ImageNet Competition
was 92.7%.

e Over 15 million high-resolution images are organised into more than 22,000 categories in the database
ImageNet.VGG16 was trained using the NVIDIA Titan Black GPU shown in figure 7.
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Figure 7. VGG16 Architecture for feature extractor

2.5 Classification
Various Al draws near, such as SVM, KNN, Naive Bayes and others, are frequently used to
distinguish between innocuous and cutaneous malignant melanoma injury. The classifiers XGBoost and

LightGBM are used in this investigation. To perform grouping, the VGG16 model's elements are passed to
the XGBoost and LightGBM models.

3. RESULTS AND DISCUSSION

The proposed methods are tested using photos of skin lesions from the International Skin Imaging
Collaboration (ISIC). The datasets contain 1000 images of benign individuals and 584 images of malignant
melanoma. The data was divided into 80:20 train test chunks and improved on the train side to make the data
for both classes equal in order to prevent overfitting. The results of 10-StratifiedKFold using test data and
upgraded data are shown in the table below. Two classifier models—XGBoost and LightGBM—are used,
one based on feature extraction and the other on machine learning, as indicated in the method.

Confusion Matrix: The output of classifier models is evaluated using a Confusion matrix.

Confusion Matrix

Where,

Actually Actually
Positive (1) | Magative (Q)
' True False
Predicte

- ted Positives Pasitives
Positive (1} (TEs) (FPs)
Predicted b False N :‘-

. , Hegalives Negatives
Megative (D) L.";r :’ ﬁrw

True Positive (TP) = positive class correctly classified
True Negative (TN) = Negative class correctly classified
False Positive (FP) = positive class incorrectly classified
False Negative (FN) = negative class incorrectly classified

Sensitivity, specificity, and accuracy are used to gauge how well the classifier models work. These

are their classifications:

Accuracy =

True Positive + True Negative

True Positive + True Negative + False Posifive + False Negative
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True Negative

Specif icity = - —
True Negative + False Positive

True Positive

Sensitivity =
True Positive + False Negative
Sensitivity: Patients that correctly identify with a disease.
Specificity: patients that correctly identify people without the disease.

Accuracy: The ratio is calculated by dividing the number of valid predictions by the total number of input
samples submitted to the model shown in Table 1.

TABLE I. shows the accuracy of xgboost model and lightgbm modelas classifiers withvgg16 as a feature

extractor
Feature Extract or + Classifier Specificity Sensitivity Accuracy
VGG16 + XGBOOST 87.89% 95.26% 91.58%
VGG16 + LightBGM 82.63% 96.84% 89.4%

- 130

- 160
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3 -140=
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Figure 8. confusion matrix of two models (a)xgboost (b) lightgbm

When the values in this table are compared, it is clear that XGBOOST Classifier with VGG16 as a feature
extractor achieves much better results than LightGBM with VGG16. But when it comes to fast prediction and
training LightGBM performs much faster than xgboost. Shown in figure 8 & 9. The sensitivity of both
models arevery similar(95.26%),(96.84%)respectively, where the specificity of xgboost was more accurate
with (87.89%), LightGBM with (82.89%).
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Figure 9. describes the Specificity,Sensitivity, Accuracy of the two models (a) vggl6+xgboost, (b)vggl6+
lightgbm.

3.1 MobileVnet2

A convolutional neural network design called MobileNetV2 endeavors to be dynamic. In light of a
remaining construction is transformed and has lingering joins between bottleneck levels. The middle
extension layer channels highlights with negligible depthwise convolutions as a wellspring of nonlinearity. A
completely convolutional layer with 32 channels is the principal layer of the whole MobileNetV2 plan, which
is trailed by 19 lingering bottleneck layers. In MobileNetV2, there are two unique kinds of blocks. One is an
extra block of one step. A block with a 2 step is one more opportunities for contracting. The two sorts of
blocks have three levels.
* This time, ReLU®6 is used in the first layer's eleven convolutions.
The second layer is the depthwise convolution.
« An 11-layer convolution with no non-linearity makes up the third layer. The case is that profound
organizations, on the off chance that ReLU is performed once more, will just have the force of a direct
classifier on the non-zero volume part of the result space.

3.2 InceptionV3

A profound learning model for sorting pictures that utilizes convolutional brain networks is called
Inception V3. The center model Inception V1, which was first introduced in 2014 as GoogLeNet, has been
refreshed to make the Inception V3. As the name recommends, a Google group created it. Initiation v3 is a
picture acknowledgment model that has been exhibited to achieve higher than 78.1 percent exactness on the
ImageNet dataset. The model is the result of various ideas that various analysts have refined over the long
haul. Among the symmetric and deviated constructing blocks in the model are convolutions, normal pooling,
max pooling, connections, dropouts, and totally connected layers. The actuation inputs are clump
standardized, and this interaction is intensely used all through the model.
3.3 ResNet-50

A 50-layer profound convolutional brain network is called ResNet-50. A pretrained variant of the
organization that has been prepared on in excess of 1,000,000 pictures is available in the ImageNet data set.
Many creatures, consoles, mice, and pencils are among the 1000 different item classifications that the
organization can arrange pictures into. The organization has procured a scope of rich component portrayals
for various pictures subsequently. The information picture size for the organization is 224 by 224 pixels. For
other pretrained networks, see Pretrained Deep Neural Networks in MATLAB®. Five phases make up the
ResNet-50 model, each with its own convolution and ID block. Each personality block has three layers, and
each convolution block has three layers. The ResNet-50 has north of 23 million teachable boundaries.
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3.4 DenseNet

By utilizing more limited associations between layers, the DenseNet (Dense Convolutional
Network) network engineering intends to both extend profound learning organizations and make them
simpler to prepare. A convolutional brain network called DenseNet interfaces each layer to each layer
underneath it. For instance, the main layer is associated with the second, third, fourth, etc. To boost data
stream between network levels, this is finished.

4. CONCLUSION

In this study, skin lesions were classified as benign or malignant using hybrid feature extraction.
VGG16 is used to extract features in order to detect a skin lesion automatically. Various machine learning
models, such as Xgboost and LightGBM, were suggested for categorization. The proposed method was tested
on a total of 20% of skin lesion pictures from ISIC databases. The two categorization methodology models
had accuracy of 91.58 percent and 89.4 percent, respectively. According to the findings, the accuracy
obtained after doing feature extraction and data augmentation is higher. This method could help other deep
neural network models.
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